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import kagglehub
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Architecture
Layer #
Embedding 1
RNN 1
Dropout 1
Linear 1
Jae sls b ola 2 o
Hyper parameters
EMBED_DIM 128
HIDDEN_DIM 128
BIDIRECTIONAL True
DROPOUT 0.5
BATCH_SIZE 32
NUM_EPOCHS 10
LEARNING_RATE 0.001
Loss Cross Entropy
Optimizer Adam
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Hyper parameters
Encoder EMBED_DIM 128
Encoder HIDDEN_DIM 128
Decoder EMBED_DIM 64
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