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[train/test].csv Metadata for each patient and image. Only the first few rows of the test set are available for download.

* site id - ID code for the source hospital.

=  patient_id - ID code for the patient.

» 1mage id - ID code for the image.

* laterality - Whether the image is of the left or right breast.

*  view - The orientation of the image. The default for a screening exam is to capture two views per breast.

= age - The patient's age in years.

* implant - Whether or not the patient had breast implants. Site 1 only provides breast implant information at
the patient level, not at the breast level.

= density - A rating for how dense the breast tissue is, with A being the least dense and D being the most
dense. Extremely dense tissue can make diagnosis more difficult. Only provided for train.

* machine id - An ID code for the imaging device.

= cancer - Whether or not the breast was positive for malignant cancer. The target value. Only provided for
train.

*  biopsy - Whether or not a follow-up biopsy was performed on the breast. Only provided for train.
= invasive - If the breast is positive for cancer, whether or not the cancer proved to be invasive. Only

provided for train.
* BIRADS - 0 if the breast required follow-up, 1 if the breast was rated as negative for cancer, and 2 if the

breast was rated as normal. Only provided for train.
»  prediction_id - The ID for the matching submission row. Multiple images will share the same prediction

ID. Test only.
»  difficult negative case - True if the case was unusually difficult. Only provided for train.
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images: the folder contains all images

train.csv, val.csv, test.csv: contains the splits and labels you can use during training

Metadata.csv: contains additional metadatas for each domain (Not relevant to training the network)
Labels: All boxes are contained in a csv with three columns image name, BoxesString and domain.
image name is the name of the image, without the suffix. All images have a .jpg extension.
BoxesString is a string containing all predicted boxes with the format [X min,y min, X max,y max].

Domain give the domain for each image (The region in which the image was taken)
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